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Abstract 

 In this paper I analyze historical US patent data to test the claims made by Jaffe 

and Lerner in Innovation and Its Discontents that the modern US patent system is broken 

and has become to easy to take advantage of. In particular, they argue that patents have 

become too easy to obtain and that they are too potent as legal weapons, so they no 

longer sufficiently serve their original purpose of incentivizing innovation. Analysis 

indicates that these claims are exaggerations and that patents are not significantly easier 

to obtain than in the past. Furthermore, quite to the contrary of Jaffe and Lerner’s 

arguments, patent quality appears to have increased on average with the introduction of 

the Court of Appeals for the Federal Circuit in 1982. While our patent system still has 

significant room for improvement, it is not necessary to build an entirely new system. 

Some additional policies aimed at reducing forms of abuse such as patent trolling and 

evergreening should be sufficient. 
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1. Introduction  
For centuries, people have used patents to protect their inventions from various 

forms of infringement. The general idea behind patents is to allow a market inefficiency 

by creating a temporary monopoly for a patent holder, which serves as an incentive for 

innovation. If there were no such incentive, competitors would find it optimal to keep 

their innovative improvements and processes secret, thus slowing development in most, if 

not all, industries. However, experts argue that modern patent laws are not necessarily 

ideal for putting these incentives to practice. In Innovation and It’s Discontents, one of 

the most well-known works in the field of intellectual property law, the authors claim that 

modern interpretations of US law “make it easier to get patents, easier to enforce patents 

against others, easier to get large financial awards for such enforcements, and harder for 

those accused of infringing patents to challenge the patents’ validity” (Jaffe, Adam B, & 

Lerner, 2011). Thus, somewhere along the way it appears that patents have become 

powerful and easily obtained legal weapons that no longer sufficiently serve their 

intended purpose. 

While a skeptic may argue that the opinions presented by the authors in that book 

are overly pessimistic, it is undeniable that current patent systems are far from perfect. 

There are many commonly observed ways in which the laws can be abused, such as 

patent trolling and evergreening. Patent trolling is the practice of using patents primarily 

as legal weapons, rather than to produce goods or do business in a more efficient manner. 

Evergreening is a broad term that encompasses any strategies meant to increase patent 

terms, and thus providing economic advantages to a competitor for longer than would 

normally be permissible by law. Both of these phenomena clearly defy the original 
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purpose of the patent, and yet both frequently occur all over the world. Naturally, there 

have been efforts to limit such practices through reforms in patent law. For instance, in 

1993 a Swiss pharmaceutical company named Novartis developed the compound Glivec, 

which could effectively treat leukemia. The company later began selling the drug in India 

in 2002, where they had applied for patent protection. This led to some legal conflicts, as 

there were already companies in India producing and selling generic brand versions of 

Glivec. Around 2005, Novartis applied for patent protection for an improvement they 

made on Glivec, which was rejected by the Indian government. After a dispute in the 

courts of India over this decision, it was ruled that the rejection was fair and that India 

was protecting itself from evergreening (Soto, 2011). The court ruling was significant 

because Novartis brought up the point that part of the anti-evergreening policy was 

arbitrary and vague, and so India could take advantage of that to favor domestic generic 

companies over a foreign producer such as Novartis. It follows that the solution to 

problems such as evergreening is not as simple as writing a law that says “no frivolous 

patents”. It is important to make policy changes that give proper protection to inventors 

and minimize abuse, while avoiding wasting time on writing laws that have no positive 

impact. 

A key challenge is accurately predicting which policy changes will have a 

positive impact. In particular, it is not obvious how to quantify what makes a country 

better off specifically from a change in legislation. It is especially difficult to isolate the 

impact of a law because of confounding variables such as type of industry, economic 

development of a nation, and political climate. What works in one nation may not work 

in another for one of these reasons. If an ideal form of measurement were to be 



	 7	

determined, the problem would simplify to one of finding historical data of policy 

implementation and comparing the impact of various changes. 

In the remaining sections of this work, I will first review the literature on this 

topic that provides relevant theoretical background, as well as possible methods of 

quantifying policy change and impact. Then I will describe the process of data collection 

and use, as well as explaining the reasoning behind the kinds of analysis I run. I will then 

give the results of the analysis and discuss potential implications. I will then conclude by 

discussing possible recommendations for policy change in the US, potential limitations of 

the study, as well as possibilities for future research.  
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2. Review of Literature 
 In Economic Theories of Benefits and Costs of Patents, the authors lay down four 

broad theories to describe the purposes of patents. There is the familiar theory that 

patents are necessary to motivate innovation. However it is also argued in the second 

theory that patents are not necessary to induce invention, they simply encourage it. This 

is an interesting deviation from the first model because it questions how significant 

patents are to invention, implying the possibility that any changes in patent law may not 

even have a noteworthy impact. The third theory focuses on the idea that holding a patent 

encourages its commercialization. In other words, the patent is obtained and then there 

are still some steps that need to be taken before the invention can be put to use. This 

theory is interesting because it also captures the possibility of commercializing a patent 

through ways other than using the invention itself, such as selling rights to other firms 

who can make better use of the technology, or possibly patent trolling. The fourth theory 

focuses on prospects for future inventions after an initial invention is patented. This 

theory points to a possibility of a snowball effect of sorts, where one invention may 

accelerate the development of future inventions. This implies that a linear change in 

policy may not have a linear relationship with innovation.  

 Of course, one may question whether it is even necessary to have a patent system 

to motivate innovation. Perhaps a competitive market already provides an environment 

where it is beneficial to focus on innovation. Arrow gives a theoretical argument that this 

is not the case in Economic Welfare and the Allocation of Resources for Invention. Arrow 

argues that innovation is an inherently risky investment, because the output is essentially 

information, which can clearly never be perfectly predicted. Furthermore, the 
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appropriation of information is messy because it is most valuable when kept out of the 

hands of rival firms. Thus in a free enterprise economy, there should be underinvestment 

in innovation, as well as underutilization of any information produced. This leads Arrow 

to conclude that it is necessary to have some intervention from “government or some 

other party not governed by profit-and-loss criteria”. 

 With the literature confirming that a patent system is useful, we must examine 

ways of measuring the effectiveness of various forms of policy. In Patent System 

Measurements: Review, Critique, and Proposal, Deli Yang examines past attempts at 

objectively measuring patent systems, and then proposes her own index that depends on 

21 variables across three major categories. The major categories are patent mechanism, 

administration, and enforcement, where mechanism covers what kinds of rights are 

protected by patents, administration covers transparency and other relevant factors in the 

actual issuing of a patent, and enforcement covers strictness and extent of legal action 

that can take place to enforce a patent. Yang’s index is an excellent attempt at taking a set 

of laws and actually converting them into a meaningful number. However, no data is yet 

available that actually uses this index, and collecting all of the information required for 

the index would require a lot of work even for a single nation’s patent system. 

 Rather than trying to quantify a patent system, another possible approach is to 

find a way to objectively measure quality of patents. In Patent quality and the measuring 

indicator system: Comparison among China provinces and key countries, Hefa develops 

a method of measurement that factors in aspects of quality such as quality for invention, 

quality for application document, quality under examination, and quality for 

commercialization. Each aspect is broken down into quantities and ratios that are then 
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weighted by some percentages, and then added up to a single value that represents 

quality. This method of estimating the quality of a patent has also not been applied to 

large datasets, but it could certainly be a worthwhile measurement tool for future studies. 

  While much of the literature has been focused on quantifying patents and patent 

laws or discussing the theory behind social costs and benefits of patents, my intention is 

to determine what concrete impact policy change in the US has had thus far and identify 

whether that net impact is positive or negative for our society. First, I will determine what 

the actual trends have been in quantity and quality of US patents over time. Then I will 

conclude whether Jaffe and Lerner’s negative view of our patent system is entirely 

justified. I hope to add to the literature on this topic by being the first to actually look at 

the entire history of a country’s patent system and determine whether certain policies 

have had their desired effect, rather than speculate on the consequences of a hypothetical 

policy change. 
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3. Data 
 The first data source that I used came from the United States Patent and 

Trademark Organization, which had several datasets available to the public containing 

historical information about patent applications and patents issued across several 

industries. The data covered the years 1840 to 2014. The variables of interest in this 

dataset were the year, which was converted to periods where period 0 was the year 1840, 

patents applied for in a given year, and patents issued in that year. The last two variables 

could easily be put in a ratio to create a new variable representing an “acceptance rate” 

for a given year.  

 The second data source I used was from the National Bureau of Economic 

Research, which was particularly helpful for estimating the average quality of patents. 

Unfortunately the data only covers the years 1963 to 2004, which is a much smaller range 

than that of the USPTO data. The most critical variable in this dataset was labeled 

“cgen”, which is a value ranging from 0 to 1, where the value is greater if the patent has 

been cited in a wide variety of industries. In other words, cgen is a useful estimate for the 

versatility of a patent. This appears to be the best readily available variable to measure 

patent quality, so it plays a key role in my analysis. 

 There are some drawbacks with the data used for this study. As stated previously, 

there exist conceptual frameworks for measurements of patent quality that are far more 

comprehensive than cgen, but they have not been applied to large datasets at this time. 

Furthermore, while cgen is good for measuring the versatility of patents, it may 

underestimate the quality of patents that are groundbreaking in a single industry, such as 
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a revolutionary pharmaceutical drug. It is also unfortunate that the NBER data does not 

go nearly as far back as the USPTO data. Furthermore, comparable data from other 

countries was not nearly as readily available, which required that the scope of the study 

be kept on US patents. Despite these drawbacks, it is still possible to obtain meaningful 

results from the data that is available. 

 The ideal version of this study would have required data using Yang’s patent 

system measurement index as well as Hefa’s patent quality measurement index across at 

least a hundred years for multiple countries that are comparable in terms of economic 

development, as well as the estimator cgen, since then we would be able to discuss the 

notion of quality from multiple perspectives. This would allow us to make a more 

decisive conclusion about which policies are worthwhile and which policies only appear 

to be useful. Even if the indices proposed by Yang and Hefa are not put into use, future 

studies could run similar analysis on the historical data of comparable companies, or 

perhaps create a new estimator for quality that is relatively simple to obtain from 

available datasets that is different from cgen. 
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4. Methodology 
The policy changes that were examined in this study were the introduction of the 

Patent Act of 1952, which was the first law in the US that described our modern concept 

of a patent, as well as the introduction of the Court of Appeals for the Federal Circuit, 

which had a reputation for viewing patents more favorably than the courts of previous 

generations. In this study I used OLS regressions with dummy variables for whether the 

Patent Act of 1952 and the Court of Appeals for the Federal Circuit were in effect in a 

given year. 

I ran four regressions using the historical data from the USPTO. First, I generated 

the variables period and acceptancerate, where period was simply the year minus 1840, 

which was the first year in the dataset, and acceptancerate was total patents issued in a 

year divided by total patents applied for in a year. The first regression was to find how 

total applications per year changed over time, the second was to find how total patents 

issued changed over time, the third was annual acceptance rate over time, and the final 

regression was to measure the average effect on acceptance rate from the Patent Act of 

1952 and the Appeals Court of 1982. In each case there were 175 observations, so the 

sample size was sufficient to run a good analysis. 

I ran two regressions using the data given by the NBER. The first was a 

regression of cgen over time, while the second also had the dummy for the Appeals Court 

of 1982 as an independent variable. Unfortunately, the data did not go far back enough to 

allow me to use the dummy for the Patent Act of 1952, since NBER only goes back to 

1963. Since the observations were of individual patents, there were approximately 2.4 
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million observations for each regression, which is clearly a generous sample size. 

Collectively, the analysis gives us several useful insights into the trends for 

patents throughout US history. First of all, they test Jaffe and Lerner’s claim that patents 

are easier to get than ever before by determining just how much the acceptance rate 

changes every year. They also help determine how much of this change can simply be 

attributed to time and how much can be attributed to the concrete policy changes 

examined in this study. Finally, they help us approximate how the quality of patents has 

been affected by both time and the Court of Appeals for the Federal Circuit. With this 

information we can comment on the arguments made by Jaffe and Lerner about the 

problems with our modern patent system, and also have some insight on which policies 

could be improved on or replaced. Recently, there have been two new policies introduced 

into US patent law. Namely, the US is now a first-to-file country, meaning that the first 

person to file for a patent gets priority, as opposed to the person who can prove that they 

created the invention first. The US has also adopted a post-grant review that should help 

weed out some frivolous patents that may have passed the initial screening process. Since 

these policies were both introduced within the past few years, there is no data available to 

determine their effectiveness yet. This would be a good starting point for analysis if one 

would like to improve on this study in the future when more data is available. 
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5. Results 
 

Figure 1 – US Patents Issued per Year over Time 

 

 

 

 Figure 1 shows the trendline of number of patents issued in the US per year over 

the years 1840 to 2014 according to the data provided by the US Patent and Trademark 

Office. The trend is clearly not linear, as the rate of patents issued starts rapidly 

increasing in recent years.  This lends credibility to the final theory of Economic Theories 

of Benefits and Costs of Patents discussed in our literature review. US Patent laws have 

become stricter over time, so one would perhaps expect a linear trend with a relatively 

flat slope. This trend could be capturing the snowball effect discussed by Mazzoleni and 
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Nelson. However, if we assume that there is a linear increase in innovation every year, 

then the trend implies that an excessive number of patents are being issued, which 

implies that US patent laws may not be having their desired effect and firms are taking 

out patents to use as potential weapons in litigation. 

Figure 2 – Change in Total Applications Per Year over Time 

 

 

 Figure 2 shows that on average, over 1400 additional applications are filed for 

patents than in a previous year. There could be multiple reasons for this trend. It could be 

that patents have become more desirable over time because of their usefulness in the 

courtroom as indicated by Jaffe and Lerner, but it is also possible that innovators simply 

have more ideas for inventions based on inventions of previous years. The true reason for 

this trend is likely a combination of both of these ideas, and it is important to see whether 

these new applicants are successful in pushing their patents through. This is examined in 

figures 3 and 4. 

 

 

                                                                              
       _cons    -40467.49   7790.095    -5.19   0.000    -55843.35   -25091.62
      period     1462.778   77.43389    18.89   0.000     1309.941    1615.615
                                                                              
   total_app        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    1.4189e+12       174  8.1544e+09   Root MSE        =     51748
                                                   Adj R-squared   =    0.6716
    Residual    4.6326e+11       173  2.6778e+09   R-squared       =    0.6735
       Model    9.5560e+11         1  9.5560e+11   Prob > F        =    0.0000
                                                   F(1, 173)       =    356.86
      Source         SS           df       MS      Number of obs   =       175
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Figure 3 – Total Patents Issued Per Year over Time 

 

 We see that there is also a statistically significant increase in the number of 

patents issued per year. While patents issued in a given year increases by over 800 

compared to the previous year, it is less than the approximate 1400 additional 

applications filed in a given year. This implies that while patents may be becoming more 

desirable over time, they are not necessarily becoming easier to obtain. Not every 

additional patent is accepted. Up to this point, we have only examined how many 

additional applications have been filed or how many patents have been issued, but it is 

unclear whether these numbers are large compared to the number of patents filed for 

every year. This is the motivation for generating the acceptance rate variable used in 

figure 4. 

 

 

 

 

 

 

                                                                              
       _cons    -24178.01   4779.587    -5.06   0.000    -33611.82    -14744.2
      period     862.0671    47.5093    18.15   0.000     768.2946    955.8396
                                                                              
   total_iss        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    5.0629e+11       174  2.9097e+09   Root MSE        =     31750
                                                   Adj R-squared   =    0.6536
    Residual    1.7439e+11       173  1.0080e+09   R-squared       =    0.6555
       Model    3.3190e+11         1  3.3190e+11   Prob > F        =    0.0000
                                                   F(1, 173)       =    329.25
      Source         SS           df       MS      Number of obs   =       175



	 18	

Figure 4 – Change in Annual Acceptance Rate over Time 

 

 Looking at figure 1 again, one would see that in a given year there are hundreds 

of thousands of patent applications, so while there is a statistically significant change in 

acceptance rate per year, it is only about  .04% greater per year on average. This is 

perhaps the most critical result found in this study, as it directly contradicts Jaffe and 

Lerner’s argument that patents have become significantly easier to obtain. However, this 

analysis only captures an average effect over time. It is possible that specific policy 

changes could have led to a greater increase in acceptance rate. See figure 5. 

Figure 5 – Impact of Patent Act of 1952 and Appeals Court of 1982 on Acceptance Rate 

 

 
 
 

                                                                              
       _cons     .5469564   .0153232    35.69   0.000      .516712    .5772008
      period     .0003839   .0001523     2.52   0.013     .0000833    .0006846
                                                                              
acceptance~e        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    1.85824187       174  .010679551   Root MSE        =    .10179
                                                   Adj R-squared   =    0.0299
    Residual    1.79241235       173  .010360765   R-squared       =    0.0354
       Model    .065829515         1  .065829515   Prob > F        =    0.0126
                                                   F(1, 173)       =      6.35
      Source         SS           df       MS      Number of obs   =       175

                                                                              
       _cons     .5686646   .0095604    59.48   0.000     .5497939    .5875353
   Court1982    -.0496506    .025827    -1.92   0.056    -.1006292     .001328
     Act1952     .0586324   .0208728     2.81   0.006     .0174325    .0998322
                                                                              
acceptance~e        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    1.85824187       174  .010679551   Root MSE        =    .10163
                                                   Adj R-squared   =    0.0329
    Residual    1.77645747       172  .010328241   R-squared       =    0.0440
       Model    .081784394         2  .040892197   Prob > F        =    0.0208
                                                   F(2, 172)       =      3.96
      Source         SS           df       MS      Number of obs   =       175
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            Here we see two interesting results. First, the Patent Act of 1952 did have a 

noticeable impact on the acceptance rate, increasing it by nearly 6% on average. This 

coefficient is statistically significant at the 95% level. One possible explanation is that 

since this policy is the first in US history to clearly define what a patent should look like, 

such as involving an inventive step and showing sufficient originality, it was easier to 

accept certain patents that may have belonged to a gray area in the past. For instance, 

patents that improved upon already existing products may have previously been rejected 

under the justification of “erring on the side of caution” since they were not revolutionary 

new inventions. It is not necessarily bad that the acceptance rate increased. It could be an 

indication that the US was transitioning out of an anti-patent sentiment that existed 

during every major economic depression, and that previously the patent system was 

stifling innovation. While the variable Court1982 did not have a statistically significant 

coefficient at the 95% level, it is interesting to note that the coefficient is negative despite 

the court being established in a time when patents were viewed positively by most of the 

US. Perhaps this is an indication that Jaffe and Lerner’s criticisms of US patent policies 

are somewhat over exaggerated. In the remaining two figures I look at trends in patent 

quality, which is estimated using cgen. 
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Figure 6 – Change in Patent Quality over Time 

 

 Figure 7 – Impact of Appeals Court of 1982 on Patent Quality 

 

             We see from figures 6 and 7 that over time, cgen tends to decrease, though this 

may not mean that patent quality has consistently decreased over the year. One possible 

explanation is that earlier inventions could simply be applied to a wider variety of 

industries, while more modern patents have become focused on individual industries. In 

any case, the effect that time has on cgen is of a noticeably lower magnitude than the 

effect from Court1982. Though the fact that Court1982 has a positive coefficient implies 

                                                                              
       _cons     .6788516   .0005112  1327.97   0.000     .6778497    .6798535
      period    -.0113611   .0000153  -741.51   0.000    -.0113912   -.0113311
                                                                              
        cgen        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    177899.497 2,439,097  .072936623   Root MSE        =    .24397
                                                   Adj R-squared   =    0.1840
    Residual    145173.357 2,439,096  .059519329   R-squared       =    0.1840
       Model    32726.1405         1  32726.1405   Prob > F        =    0.0000
                                                   F(1, 2439096)   >  99999.00
      Source         SS           df       MS      Number of obs   = 2,439,098

                                                                              
       _cons     .7348106   .0007189  1022.20   0.000     .7334017    .7362195
   Court1982     .0718313   .0006504   110.44   0.000     .0705566    .0731061
      period    -.0144128   .0000316  -456.44   0.000    -.0144747   -.0143509
                                                                              
        cgen        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    177899.497 2,439,097  .072936623   Root MSE        =    .24336
                                                   Adj R-squared   =    0.1880
    Residual    144450.982 2,439,095  .059223188   R-squared       =    0.1880
       Model    33448.5153         2  16724.2577   Prob > F        =    0.0000
                                                   F(2, 2439095)   >  99999.00
      Source         SS           df       MS      Number of obs   = 2,439,098
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that by this method of measuring patent quality, the supposedly lenient court actually led 

to more versatile and useful patents being produced. 

             While patent applications and patents issued increase over time, we have 

determined that the actual acceptance rate has not dramatically increased over time, and 

no evidence was found indicating that US patent laws have had a catastrophic effect on 

innovation in the US. Time will tell if the recently introduced First-to-File and Post-Grant 

Review laws will have a positive effect on innovation, but this study shows no indication 

of a broken patent system. It is certainly the case that bad patents exist, and they are used 

to create unfair advantages in competitive markets through tactics such as patent trolling. 

However, on average there appears to be more social benefits than costs to our modern 

patent system. Certainly there are improvements that could be made, but it is important to 

realize that our current situation is not a disaster, as some might believe. Future analysis 

could include other measures of patent quality, as well as similar analysis of data from 

comparable countries.  
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6. Conclusion 
            Innovation and invention are essential to a nation’s development. Since there is no 

guarantee of success in innovation, it is an inherently risky investment that requires some 

sort of additional incentive, which is given in the form of patents. Critics of the modern 

US patent system, such as Jaffe and Lerner claim that our system is broken, and that the 

patents have become too easy to obtain and too powerful as legal weapons. This	study	

puts	those	claims	to	the	test	by	determining	just	how	much	easier	it	has	become	to	

obtain	patents	and	just	how	much	lower	the	quality	of	these	patents	has	become	

over	time.	

															The	results	indicate	that	getting	a	patent	today	is	not	significantly	easier	

than	obtaining	a	patent	in	the	past,	and	there	have	not	been	any	policies	that	have	

had	catastrophic	effects	on	the	quality	of	our	patents.	Certainly,	our	system	is	not	

perfect	as	there	are	still	many	instances	of	patent	trolling,	evergreening,	and	other	

forms	of	abuse	in	the	search	for	competitive	advantages	without	needing	to	invest	in	

innovation.	But	rather	than	tear	our	modern	patent	system	apart	and	rebuild	from	

the	ground	up,	it	could	make	more	sense	to	determine	some	additional	policies	

which	have	been	proven	to	combat	abuse	of	patent	systems	in	other	countries.	

																Some	possible	changes	to	our	current	patent	system	that	are	worth	looking	

at	could	include	anti-evergreening	laws	like	those	implemented	in	India,	and	

perhaps	a	variation	in	the	length	of	a	patent	term	depending	on	what	industry	the	

invention	is	intended	for.	A	study	in	the	future	could	attempt	to	find	the	optimal	

lengths	of	patent	terms	from	industry	to	industry,	as	there	is	data	available	by	

industry	from	both	the	USPTO	and	the	NBER.	
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7. Appendix 
 
Figure 1 – US Patents Issued per Year over Time 

 

 

Figure 2 – Change in Total Applications Per Year over Time 

 

�
��
��
��
�

��
��
��
�

��
��
��
�

7R
WD
O�S
DW
HQ
WV
�LV
VX
HG
�Z
LWK
LQ
�\
HD
U

� �� ��� ��� ���
GDWH

                                                                              
       _cons    -40467.49   7790.095    -5.19   0.000    -55843.35   -25091.62
      period     1462.778   77.43389    18.89   0.000     1309.941    1615.615
                                                                              
   total_app        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    1.4189e+12       174  8.1544e+09   Root MSE        =     51748
                                                   Adj R-squared   =    0.6716
    Residual    4.6326e+11       173  2.6778e+09   R-squared       =    0.6735
       Model    9.5560e+11         1  9.5560e+11   Prob > F        =    0.0000
                                                   F(1, 173)       =    356.86
      Source         SS           df       MS      Number of obs   =       175
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Figure 3 – Total Patents Issued Per Year over Time 

 

Figure 4 – Change in Annual Acceptance Rate over Time 

 

Figure 5 – Impact of Patent Act of 1952 and Appeals Court of 1982 on Acceptance Rate 

 

 
 
 

                                                                              
       _cons    -24178.01   4779.587    -5.06   0.000    -33611.82    -14744.2
      period     862.0671    47.5093    18.15   0.000     768.2946    955.8396
                                                                              
   total_iss        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    5.0629e+11       174  2.9097e+09   Root MSE        =     31750
                                                   Adj R-squared   =    0.6536
    Residual    1.7439e+11       173  1.0080e+09   R-squared       =    0.6555
       Model    3.3190e+11         1  3.3190e+11   Prob > F        =    0.0000
                                                   F(1, 173)       =    329.25
      Source         SS           df       MS      Number of obs   =       175

                                                                              
       _cons     .5469564   .0153232    35.69   0.000      .516712    .5772008
      period     .0003839   .0001523     2.52   0.013     .0000833    .0006846
                                                                              
acceptance~e        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    1.85824187       174  .010679551   Root MSE        =    .10179
                                                   Adj R-squared   =    0.0299
    Residual    1.79241235       173  .010360765   R-squared       =    0.0354
       Model    .065829515         1  .065829515   Prob > F        =    0.0126
                                                   F(1, 173)       =      6.35
      Source         SS           df       MS      Number of obs   =       175

                                                                              
       _cons     .5686646   .0095604    59.48   0.000     .5497939    .5875353
   Court1982    -.0496506    .025827    -1.92   0.056    -.1006292     .001328
     Act1952     .0586324   .0208728     2.81   0.006     .0174325    .0998322
                                                                              
acceptance~e        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    1.85824187       174  .010679551   Root MSE        =    .10163
                                                   Adj R-squared   =    0.0329
    Residual    1.77645747       172  .010328241   R-squared       =    0.0440
       Model    .081784394         2  .040892197   Prob > F        =    0.0208
                                                   F(2, 172)       =      3.96
      Source         SS           df       MS      Number of obs   =       175
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Figure 6 – Change in Patent Quality over Time 

 

 Figure 7 – Impact of Appeals Court of 1982 on Patent Quality 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

                                                                              
       _cons     .6788516   .0005112  1327.97   0.000     .6778497    .6798535
      period    -.0113611   .0000153  -741.51   0.000    -.0113912   -.0113311
                                                                              
        cgen        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    177899.497 2,439,097  .072936623   Root MSE        =    .24397
                                                   Adj R-squared   =    0.1840
    Residual    145173.357 2,439,096  .059519329   R-squared       =    0.1840
       Model    32726.1405         1  32726.1405   Prob > F        =    0.0000
                                                   F(1, 2439096)   >  99999.00
      Source         SS           df       MS      Number of obs   = 2,439,098

                                                                              
       _cons     .7348106   .0007189  1022.20   0.000     .7334017    .7362195
   Court1982     .0718313   .0006504   110.44   0.000     .0705566    .0731061
      period    -.0144128   .0000316  -456.44   0.000    -.0144747   -.0143509
                                                                              
        cgen        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    177899.497 2,439,097  .072936623   Root MSE        =    .24336
                                                   Adj R-squared   =    0.1880
    Residual    144450.982 2,439,095  .059223188   R-squared       =    0.1880
       Model    33448.5153         2  16724.2577   Prob > F        =    0.0000
                                                   F(2, 2439095)   >  99999.00
      Source         SS           df       MS      Number of obs   = 2,439,098
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